PDP7O—F D AR

2013.6.26
il B %




PDP Books_

PAHALLEL DiSTRIBUTED
PROCESSiNG‘“ ik

DAVIDE. 'FIL.IMELHART ,mmes L MneLELLANn x}/
L AND THE PDP RESEARCH GHGUP

Rumelhart, McClelland and the PDP Research Group (1986)
Parallel Distributed Processing:
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Study 1:
A simple recurrent network model of
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A simple recurrent network model
of phonological knowledge
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The nature of the mind

“Our mind is shaped by the environment”,
a big message from

PDP approach e Syl el
. e
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How can these two disciplines contribute to each other?-



PDP meets cultural psychology
PDP approach allows us to

model neuro-cognitive mechanisms,
simulate learning mechanisms/process,

directly look into the internal representations.

All these features are suitable for cultural psychology!



STOP and
Rethinking Innateness
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LLENS (Light Efficient Neuralnetwork Simulator)

AV AR=ILIXZ SN
https://www.stanford.edu/group/mbc/LENSManual/Manual/install
Ing.html
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Web LD BEH)Y—X

LENSESE
LENSYZ a7 )L (EfIMI RS ELNTLED)
http://www.stanford.edu/group/mbc/LENSManual/index.html

Tim Rogersst £ D R—2

http://psych.wisc.edu/Rogers/LENSInfo/LensResources.htm

Quick tutorial for feed-forward networkslZ AFAEL TIE~<=a7
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Web LD BEH)Y—X

PDP—fi%
PDP handbookA McClellandFt £ [ XY ARAINTLS
http://www.stanford.edu/group/pdplab/pdphandbook/

Exercises in Rethinking Innateness A% (Elmanse & [(Z&Y ? ) 2B

SNTLS
http://crl.ucsd.edu/~elman/Courses/cog202/tlearn.html

O’Reillyst & . Munakata Jc 42k 5
Computational Explorations in Cognitive Neuroscience

http://grey.colorado.edu/CompCogNeuro/index.php/CCNBook/M
ain
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Y=_aT7IIESER

XOR&EIFAIM? (XBEERFESHE
http://kyoumu.educ.kyoto-u.ac.jp/cogpsy/personal/Kusumi/datasem09/tanida.pdf
http://kyoumu.educ.kyoto-u.ac.jp/cogpsy/personal/Kusumi/datasem06/uchino.pdf
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addGroup nyuRyoku 2 INPUT
#nyuRyoku” &LV B D 22N A=y n7E5 ., INPUTEZES

addGroup kakure 2
#’kakure”ELNVD B D 20D A yEhB1ES, (Bh) EEED

addGroup shutsuRyoku 1 OUTPUT
#’shutsuRyoku” &LV D, 1 DD A=k in% 5, OUTPUTE
(S
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connectGroups nyuRyoku kakure
#’nyuRyoku” B M 5 kakure” B (Z)L) AR a a5

connectGroups kakure shutsuRyoku
#” kakure” B Hv 5 ’shutsuRyoku” B (ZJ)L) AR I3z €S

orderGroups nyuRyoku kakure shutsuRyoku
#HEEIEIBDIEFZIEE (BELTZWNGEELHD)
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loadExample LENS®D T« L% k1) /Lens/Examples/xor.ex
#example fileZ (A 2 A—ILEREIZA 2 A b—)LE N BExampleh o)
O—pk
#Z D iZEtraining setl 2755

train
#HhL—=25 !
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5 Lo & E M Feedforward networkz={E>TH B
RogersfE EMAR—U SR
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Simple recurrent networkz{E>TH 5

Botvinick st & D R—[http://www.princeton.edu/~matthewb/]IZBotvinick &
Plaut (2006)DA—F M ARHIN TSN TSEI(C
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